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Functional Community Extraction Method Based on Influence Degree of Information Diffusion
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In this paper, we propose a method for extracting functionally similar nodes in information diffusion processes.
A conventional method for extracting functional communities bases on random walk processes over a network, and
calculates the similarities of PageRank score convergence curves which corresponding to the function of each node.
From our experimental results using three networks, our method can extract functionally similar nodes each of
which distant from important nodes such as hub nodes through a perspective of information diffusion, and also
extract highly clustered hub nodes which can not be distinguish from other nodes by the conventional method.
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X ={y1(v), ..., ys(v)} (2)
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