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After 2005 Hurricane Katrina, the significance of citizen-based crisis management has been increasing so as to cope with

natural disasters. One of the most effective tools for the crisis management must be crisis mapping. Crisis mapping strongly

supports the situation awareness, which is the essential stage of the crisis management. However, the hurdle of utilizing the

text data in SMS or SNS for crisis mapping is quite high. This paper attempts to contrive the technique of getting the

coordinates from tweets that have no geo-tag. Based on the analysis of Twitter data which was recorded in 2011 Tohoku

earthquake, the authors propose a filtering technique. The result of the test indicates that lower layer of Japanese address

format can be used as the key.
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