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Crowdsourcing is a promising solution to problems that are difficult for computers, but relatively easy for humans.
One of the biggest challenges in crowdsourcing is quality control, which is to expect high quality results from
crowd workers who are not necessarily very capable nor motivated. There have been proposed several statistical
crowdsourcing quality control methods for binary and multinomial questions by collecting multiple responses for
each question and aggregating them to obtain accurate answers. In this paper, we extend the existing framework
to address ordering questions, and give a new methods for obtaining reliable orderings from data collected by using

crowdsourcing.
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