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Generative Model of Natural Language Expressions for given Semantic Representations
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Modeling generative process of natural language is an important problem of natural language processing. Although many
probabilistic models have been proposed so far, most of them are in surface structure level such as n-gram model, or in
surface structure and syntax structure levels such as probabilistic CFG. Models include semantic structure level have not been
investigated extensively. In this presentation, first an overview of two existing generative models of natural language
expression from a given semantic representation is introduced. After that, such models and our method of natural language
generation from semantic representation are compared. The way to coordinate them is also investigated.
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