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While we represent a logical connective, implication by a directed edge, the set of directed edges can be regarded as a
complex network. In this study, we compose a network model which represents formal logic. There are some types of
inference, however in this article, we adopt only deductive inference as a scheme of transformation of network. The proposed
network model grows like BA model by Barabasi and Albert. Though in BA model whole of existing network is referred
when a node is added, only a part of existing network is referred in our model. In this view, our model is more realistic than

BA model, however, it shows the power law.
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