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Pieces of information transmitted in the Internet diffuse through the user networks of microblogs and social net-
working services, and are shared by many individuals. Such information have an impact on the decision makings of
the individuals on the real world. For the prediction of the trends, it is important to quantitatively understand both
influences of information contents and individuals. In this paper, we propose a probabilistic model for simultane-
ously estimating the influences of information contents and the strength of relationships between individuals from
social propagation phenomena. For the proposed model, we present a learning procedure based on the variational
bayes method, which is robust compared to the EM algorithm. In experiments, we evaluate the effectiveness of the

proposed model using a real microblog dataset.
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