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For obtaining a natural interaction between Human and Robot, Robot need to classiry varoius dialogue states
such as who are participating, which participant talks to whom, and whether a participant understands Robot’s
speech or not. The purpose of our research is to construct a multi-modal dialogue system which can communicate
with multiple people simlutaneously. We collected multi-modal data where Robot operated by a human in the WOZ
environment interacts with three participants. We annotated the data with several tags such as speech addressee,
gaze, and how the person perticipate in the conversation. In this paper we explain the recording environment,
summarize the data description, and report the result of a preliminary experiment of speaker identification where

we do not use the raw data, but use the tag information.
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