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An Extracting Method of Habitual Behavior Information for Behavioral Modification
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Many researches are being conducted about the analysis of human behavior using sensor devices in the real world or
various information all over the Internet. The objective mainly is to improve social behaviors and habits such as the
prohibition of smoking and prohibition of the use mobile phones while driving. These unhealthy social behaviors and habits
tend to cause health problems and antisocial behaviors. Behavioral modification understands the habitual behavior is one of
the most important behaviors to solve these issues. This paper proposes a new technique to extract habitual behaviors for
discovering objectives of behavioral modification. Specifically, Latent Dirichlet Allocation or LDA is used for getting
appropriate topics of frequent behavior literary expressions and Point-wise Mutual Information or PMI is applied to select
suitable words for habitual behaviors. The experiment of this technique by using text data from question answering Web sites
of telecommunication industry area was evaluated and showed good performance results.
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