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A Bayesian estimation approach for analyzing non-Gaussian data generating processes
when there are latent confounding variables
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Recently, large amount of observed data has been accumulated in various fields and there is a growing need for
estimating generating process of these data. It has been considered to estimate the data generating processes of
variables using a linear, acyclic model based on non-Gaussianity of external influences (LINGAM). However, results
of the estimation can be biased if there are latent confounding variables. In this paper, we first review LINGAM, its
extended model and estimation procedure for LINGAM in a Bayesian framework. Then we propose a new Bayesian

estimation procedure that solves the problem.
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