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The Virtual Random Screening Method for Drug Discovery
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This paper proposes a new approach to classification of docking between compounds and proteins for drug design virtual screening.
Currently, docking software programs often use real numbers as docking scores; but due to their predictive accuracy, it is difficult for
biologists to use such scores in realistic experiments. In contrast, our approach utilizes binary classification that indicates whether a
candidate compound is docked to a target protein. This leads to automatic screening of compounds without the input of biologists in drug
design. The present method provides consensus use of the scores of existing docking software, yielding higher accuracy of binary
classification. In this paper, we discuss several implementations of the proposed method based on Support Vector Classification and
Regression. We have created a classification model from docking scores and chemical information. The experiment demonstrates that our

method outperforms the existing docking softwares in classification.
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