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Permutation Entropies have been applied to various real-world time series as a simple and robust method to
extract information from them since its first proposal by Bandt and Pompe in 2002. We have studied its theoretical
aspect based on the duality between values and orderings. Recently, modified permutation entropies have been
introduced for more accurate estimation of entropies. In this paper, we present theoretical results on the modified
permutation entropies which utilize equalities in addition to permutations.
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