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����=;�3�31 �4��A��385� M3�9 ���3�! Advaned Sienes, Graduate Shool of Humanities and Sienes, Ohanomizu UniversityWe have reently had many hanes to treat a huge amount of douments. A lot of studies about extratinglatent topis in douments have been done, whih is aomplished by Latent Dirihlet Alloation(LDA). That isnot done by using super�ial information. When we extrat topis by LDA, it sometimes happens that the wordswe assume that they should be in the same topi are devided into di�erent topis. Therefore Andrzejewski andHu have proposed methods in that we selet some words whih should be in the same topi and inorporate thewords into LDA proess as onstrained knowledge. But the knowledge is onstruted from subjetive view of usersin many ases and is not onstruted from target douments automatially. We therefore onstrut onstrainedknowledge from douments and then onsider how the onstrained knowledge is applied to Chinese RestaurantProess.1. "#&'
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