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Centralized and Distributed SAT for the Rolling Stock Operation Problem
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The rolling stock operation involves the problem of assigning a fleet of trains to a given operation timetable. This
problem has been typically formulated as the 0-1 integer programming problem to be solved by a MIP solver. In
this paper, we first encode this problem as SAT and apply some state-of-the-art SAT solvers. We then explore the
possibility to apply distributed SAT (DisSAT) solving when multiple train companies try to assign their trains to
partially-shared operation timetables. We found that SAT/DisSAT approach is promising through our experimental

evaluation using realistic instances.
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