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Similarity among Student Conseling Cases Based on Tansition of Networks of Persons
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Student counseling has become important for student support task in universities. In order to support student
counseling by computer and Al technology, we will give a similarity measure based on a formulation of counseling
cases. In the formulation a case is regarded as a sequence of networks of parsons surrounding the consulter student.
According as counseling goes, the network changes. We examined our proposal by some counseling cases which are

taken from real cases and modified to keep privacy.
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AHEROER
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X OFEERZ 100 [EEFHAI L7, 100 [EOFEERE 4 TH 5.
RS2 0 OBA, FRMREFETHD. EHHHAM
BIROHEANZ < 7 IO THER A L TV 5 03MER T
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HLEORLMHE

FEREOZAEMRRICHN TR DRSS 2 VT, 38
U DY 2 R Uiz, RN LS BEXN D72
SRR 72 Fofge & R TR 2B LW DL MRS LT
AL, MREHORAOEFE I 7 ' T —D R, 0
%, MAZRETEHHEREHIRL LT, HREEICHHE
EO—EN I T—DEEDOL & THEHIOEEoiEE L
{EEHRNVEFTNEEET L, LT 2083810565 1Ek LA
AL R2IHAWEHHOMETHD.

AR TRE LI FiEE v T 7 &840 TfTH Tk
T, K2OFFITHLEOBME ZEHA L. FREEL 3
R BN OEMEITR S 720 DBETH 5.

BHIHL~#5 135 < O ARV 7208 54 % K 2 72 F 4
ThO, ThOOBOFEENRE . FHIH6 1L O s THio
SEIC 6T, BHUEICL LD TWA. EElEHNTND
PBRLE LRS- 0T TNl H D, FHRE O K/ OME IRk
Elpole, —HRERBAENHTODLETIN DD, ZiudiEfil
THAW ARIBRAEN S 272D oW ETH D,

ERIENEER

LHOFEH BB LT LEPEHRD L EHBEL, B
A 100 @75 T > F AID 1 DERY, fhoHEE & OFPLE
DNENT %155 KB EAT o7z, RETILETEH 448 L7207z,

5. BhHYIC

AFHICTI, FEMREFFEZSIRL, ST a7200ikg s
LCHEUELZBET L. Z207d, AWEGREZDOBMIZIER
LHERE 2%, e d 2 HEL L bicddELr.

FREOFFNEA L, EUKAEEIHIE O, SEEE L0
B LRI COERAMRROFERENLETH 5. 100 fH O F
2 BIARIER 215 5 R TH- 4.4 BITEMAER TH 508
FEEEDY AT AT T OENDRRTHMERDH Y, —JF
OACE T ITERIOSFEENLE L Bbhs.

# 20 AR THO S, REOEFIORREHT 50, &
EshTW?

FHH#L | BlEZ oA LI R Y VTR
WL CARBMRERYEL, ZEICoRTT-

HHIH2 | fREE EOMREE X B HEICK LN O K E
BTG L CREILORITT.

EFH#3 | BBEERORERENO HEE RS FEIIK L
FRERHIOFEETARBZMY RSz

Fhl#A | EROV) XLER L, HFEEEA R & 2o 22
Kk, EHMmR CEAS S

HHIH#5 | AFFRENTOMRNa > % 7 Mokte e 7% 4I
*FLRMEDORNERBIT L oo EFE TR

FHHIH6 | FEERPEIEICODY, &8N T TSR0 T
PR 2B, fRR LT,

# 3 MBETRD - FHIH#L~#6 OMIOFELLEE, FHMANITE
Pz o e 58,

#2 #3 #4 #5 #6
#1/0.97(0.98) 0.98(0.89) 1.00(1.00) 0.90(0.46) 0.09(0.18)
#2| - 0.98(0.94) 0.95(1.00) 0.79(0.70) 0.33(0.32)
#3| - - 0.78(1.00) 0.83(0.44) 0.63(0.32)
#4| - - - 0.73(1.00) 0.41(0.33)
#5 - - - - 0.33(0.18)
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