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An Application of Causal Value Function for the Exploration—Exploitation Dilemma and its Bayesian Analysis
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Value function, LS model, that express the causal intuition of human balances exploitation and exploration and achieves
high performance in the most basic bandit problems in reinforcement learning for modeling the learning under uncertain
environment. We perform Bayesian analysis to LS, discuss about the meaning of the model, show that the optimality can be
obtained by a parameter called intuitive standard of value and clarify a mechanism for balancing exploration and exploitation.
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