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Influence analysis of the diffusion networks structure
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Successful diffusion of information on Social Media draw the attention after the 2011 off the Pacific coast of
Tohoku Earthquake at 2011. In order to use the Social Media as information sources safely and swift, we need to
analyze diffusion of information. In this paper, we focus on network topologys which we undestand how infomation
diffuse. We analyze how infomation diffusion depends on the network topologys. We propose a network growth
model that can generate networks of the expected features. As a result, we confirm that the number of users who
get infomation is affected by value of assortativity and degree distribution.
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