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Railroad Track Classification Learning Using Railroad Vehicle Equipped Gyroscopic Sensor
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Railroad management is achieved by advanced control technology and complex scheduling. But for railroad inspection and maintenance

vehicles which are not controlled by the same system, there are risk of accidents. GPS sensors alone are not accurate enough to predict the
location of the railroad vehicle for complex railroad track configurations. In this paper, we propose real-time railroad vehicle location

prediction using gyroscopic sensors on board the railroad vehicle.
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