The 27th Annual Conference of the Japanese Society for Artificial Intelligence, 2013

3D1-6

TLTATA =)L
BEEPBALR R N =215 DU 7 =R Al Tk

Entity Kernel: A Link-based Regression Method for Multi-relational Network
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This paper addresses a classification/regression problem for named entities such as people, places, and products. Assuming
that we want to classify whether a person is in a profession (e.g., researcher) or not, we must construct features to make the
classification problem. Typically we use attributes of the entity itself (e.g., gender and age) as well as relations among entities
(e.g., the number of friends in a profession). Typical link-based classification deals with single relations, but apparently there
are multiple relations in the real world. This paper presents a domain-independent link-based classification/regression method
for use with relations of multiple types. We construct a tensor structure that is equivalent to a given multi-relational entity
network. It enables us to make an entity kernel that can be used for kernel-based methods. Evaluation showed that our
approach achieved 8.1% root mean square error, which is better than any other method.
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