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Characterizing Twitter Users around the Great East Japan Earthquake
by Using Quantification Method of Posting Activities with Entropy
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At the time of the Great East Japan Earthquake, many Tweets of the disaster had posted and Twitter had
been effectively-utilized as an infrastructure for sharing disaster information and confirming safety. However in
Twitter, there have been various kinds of information and also the volume is extremely huge, so some kind of
filtering mechanism to easily catch desired information is assumed to be needed for getting better performance out

of Twitter at the time of disaster.

To archive this, first of all characteristics of people actively posting disaster

information should be grasped. This paper quantifies Twitter users on the basis of each user’s posting activities,
and analyzes the characteristics according to user’s attributes. The real Twitter data distributed around the time
of the earthquake is used, and especially in this paper, the difference between bot and human is mainly examined
by using this data. This paper uses entropy to quantify user’s activities.
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