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Cooperative Space Searching Method by Multiple Small UAVs
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If a disaster occurs, it is necessary to grasp the situation as soon as possible. However inconvenient foothold and the size of
the stricken area often make it difficult for human to perform such operation quickly and efficiently. A searching method that
can deal with such property is needed. We propose a highly efficient space searching method that is flexible to environment
and independent of data-handling capacity. With onboard camera and image processing technique, UAV can locate its
position. Our method is applicable to multiple UAVs and by deploying them, we can cover larger area of environment and

reduce the time required for search.
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