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The Automated Negotiation Agents Competition (ANAC2012) was organized and our agent (AgentMR) got
through the qualifying rounds. It is likely that the strategies of an agent can be applied to real-life negotiation
problems. Therefore, this paper deals with a new scenario of multiple-issue negotiation problems. The advantage
of the proposed scenario in comparison with the existing ones is being close to real-life negotiation problems. In
this paper, a new agent (AgentMRK2) is developed for this competition. We show that AgentMRK2 can negotiate

in the proposed scenario.
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’ AgentName H Barter ‘ Fitness | ADG ‘
AgentLG 0.6436 0.7344 0.5077
Reloaded 0.6640 | 0.7527 | 0.6841
BRAM Agent2 || 0.6408 | 0.7165 | 0.9758
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