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Robotic experiment based on Friston’s predictive coding and dynamical analyses
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Friston’s free energy principle says that neurons encode the prediction error and perception is about minimization

of errors.

Contrary to this argument and based on our two previous simulation studies, we propose that the

fluctuation in sensorimotor coupling is perception. Thus, prediction error should not be corrected but rather be

maintained through a sensorimotor coupling.
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