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For parsing with formal grammars, detection of unknown words is an important task. In Combinatory Categorial
Grammar (CCG), a syntactic category of a word can be inferred from other words around it by using inference rules.
However, such a bottom-up analysis yields too many potential candidates and it makes us difficult to determine
the appropriate category. Even if linguists can determine a syntactic category for a word, it’s not clear why they
choose it. From both engineering and linguistic points of view, it is important to reveal factors that determine
the appropriate syntactic categories. In this paper, we propose one of those factors and report the results of our

experimental validation using a CCG parser.
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