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Detecting and Analyzing Variations of “Good Morning” Phrases on Twitter
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Recently, Twitter has attracted a lot of users all over the world. However, the performance of Japanese tokenizers

decreases on Twitter because of frequently appearing informal words.

‘We assume that such informal words are

created based on some transformation rules caused by sentiments of a person. Our final goal of this research is to
extract transformation rules and attach sentiments to it. As a first step towards the final goal, this paper proposes
a CRF-based method to extract informal variations of “Good Morning” phrases in Japanese and extract rules used
to transform a formal form of “Good Morning” phrase to an informal form.
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