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Self-organiging Mutual Surveillance Network to Maintain Cooperation
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A mechanism of Meta-Norms is proposed by Axelrod to promote cooperation within the whole system under
the situation of Prisoner’s Dilemma. In the Meta-Norms game defect agents are punished by other agents, and

they are prompted to cooperate.

Maintaining cooperation is demonstrated in Axelrod’s experiment under the

condition where mutual surveillance among all agents is premised. In other words, all agents are inter-connected.
Thus, a large amount of costs to monitor other connected agents. Therefore, we propose an autonomous decision of
surveillance not to spend excessive cost but to maintain cooperation. This model makes optimal mutual surveillance
network in terms of satisfying both criteria, i.e. reducing cost for monitor and increasing the profit from the whole
systems. In the proposed model, each agent autonomously selects adversaries to play the Meta-Norm game and
puts links to them, then finally the optimal network will be emerged.
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2: Mutual Surveillance Model by Axelrod
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4: Final Episode’s Behavior on Prisoner’s Dilemma
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