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Loosely Symmetric model that Senses an Environmental Change by Self-Organizing and Changes
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Loosely Symmetric model (LS) exists as a model with three properties (Relative estimation, Reliability consid-
eration, Reference satisficing) of the cognitive value evaluation of the animals. We focused attention on a value
estimation in consideration of the satisfactory degree for the reference, and developed Loosely Symmetric model
with Variable Reference (LS-VR) as the model specialized in it. In this study, we handled the N-armed bandit
problem as a simple problem to make decision in unknown environment, and showed that LS-VR had significant

results in the transient environment.
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