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Online Learning of Words by Robots: Results of Word Learning by a Robot in One Week
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One of the biggest challenges in intelligent robotics is to build robots that can understand and use language. Such
robots will be a part of our everyday life; at the same time, they can be of great help to investigate the complex
mechanism of language acquisition by infants in constructive approach. To this end, we think that the practical
long-term on-line concept/word learning algorithm for robots and interactive learning framework are the key issues
to be addressed. For the on-line learning algorithm we develop a practical method that solves three remaining
problems in our previous study. We also propose an interactive learning framework, in which the proposed on-
line learning algorithm is embedded. The main contribution of this paper is to develop such a practical learning
framework, and we test it on a real robot platform to show its potential toward the ultimate goal.
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