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Identification of self and other motion
based on predictability using a neuro-dynamical system
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We propose a neural model for identifying the area of own body in a visual scene based on predictability.
Cognitive science studies has shown that a internal model can devide sensory input into self-motion derived signals
and other-motion derived one by comparing actual sensory-feedbak with predicted one. In this study, we use a
neural network as a internal model. The network learns to predict not only the mean of the next input state, but
also its time-dependent variance. Regarding the model evaluation, we confirmed that our model can descriminate

the area of own body by using predicted variance.
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1: System Overview
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2: Experiment Setup

a) Overall View b) Camera View
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3: Learning Error
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