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Proposal and Analysis of the Information Flow Network in Twitter
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Recently, a lot of researchers have focused on the Twitter network. One of the hottest field of research is influencer
extraction. The basic approach is to apply centrality measures (e.g., degree-centrality or ranking algorithms such
as PageRank) to the network. But we already know that the Twitter network is not just a social network—it’s
also an information sharing network. We think considering the actual information diffusion path is essential for
measuring the actual influence. We propose a novel network model information flow network and investigate its

property through the real data experiment.
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