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Experimental characteristic analysis of clustering based on the independence of the data
distribution
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We have proposed a clustering method based on Independent Component Analysis. This algorithm estimates
the each independent semantic information from the observation data, and classifies based on distance metric
defined by the independent semantic information. In this paper, we use Los Angeles Times dataset to evaluate
the proposed method, and we show the feature of the independent semantic information. Consequently, we show
that the proposed clustering method obtained higher clustering accuracy than k-means clustering initialized by

Independent Component Analysis.
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