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Impact of hedger’s behavior on underlying market
using coupled artificial markets model
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The effect of option markets on their underlying markets has been studied intensively since the first option
contract was listed. Despite considerable effort, including the development of theoretical and empirical approaches,
we do not yet have conclusive evidence on this effect. We investigate the effect of option markets, especially that
of dynamic hedging, on their underlying markets by using an artificial market. We propose a two-market model
in which an option market and its underlying market interact. We confirmed that dynamic hedging increases or
decreases the volatility of the underlying market under certain conditions.
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