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Until today, many researches have been held to see events on social networks, while little attempts are held to
observe events on specific time series data together with social media. We utilize Twitter and forex data to detect
economic events. We define 5 event indices, 2 of them use both data and 3 of them use either of social media
and forex data. We compare these indices with actual news, and we find event indices using both data perform
better. We also propose 2 methods that generate news for detected events automatically from social media. For
method 1 we use burst detection techniques together with news template, and for method 2 we extract phrase of
explanation correspond to an economic event use of syntactic analysis. We conduct experiments on AUD/JPY rate
and compare proposed methods to actual news. The accuracy of method 2 is higher than method 1.
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