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Contrasting Two Graphs under Constraints about Normalized Cut and Pseudo Independent Sets
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This paper presents a fast algorithm for finding significant contrast sets of vertices over two graphs. The vertex
sets are required to be dense clusters at a target graph and to be pseudo independent sets at a base graph. To
realize an efficient detection of such sets, the target graph is transformed to a density-variable planner graph for
which a standard maximal clique mining engine is applied, while the constraint about pseudo independentness at

the base must be simultaneously checked.
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