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Research of Practlcal Use of a Local Community for Disaster Reduction
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In this study, in order to clarify differences in topics between social media at the time of earthquake, we conduct a cluster
analysis of articles posted on Twitter and local SNS to extract topics and analyze differences in topics between media and
their time-series transition. Also, by seeing the regions of the people who posted the articles, we clarify the differences in
media used and topics posted among regions. As the result of analysis, as for the differences in topics between media, main
topics on Twitter were about worry, anxiety, and main topics on local SNS were about safe confirmation, lifeline, support,
and shelters. Also, as for the differences in topics among regions, we found that main topics in afflicted areas were about
worry, support, and lifeline and main topics in non-afflicted areas were about anxiety and radioactivity.
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