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Automatic Analysis of Utterance Contents for Assessing the Status of Elderly People with Dementia
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Recently, the number of people with dementia is increasing in our country. In order to support them, we have developed a
conversational agent for elderly people with dementia. In this study, our objective is to analyze the cognitive status of the
elderly people based on their utterances observed in conversations with the agent. Since care givers usually estimate mental
and physical condition of elderly people based on some specific keywords in utterances, we focus on verbal information of
elderly people. In order to detect topics of each utterance, we exploit Latent Semantic Analysis (LSA) technique which produces
a set of concepts based on the input documents. In addition, for estimating the positive/negative emotion expressed in utterances,
we propose an emotion estimation method based on Plutchik’s emotion model and Japanese WordNet thesaurus. Experimental
results showed that our method successfully detects the topics and emotions of each utterance.
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