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Study of structured solution methods for large scale distributed resource allocation problem
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Distributed resource allocation is an important application of multiagent systems. Resource allocation problems
that are motivated from a power supply network including distributed sources have been studied as typical examples
of distributed optimization problems with resource constraints. When the problems are large and complex, exact
solution methods are not applicable. Inexact methods that employ approximation are therefore introduced. On
the other hand, to satisfy the resource constraints, exact methods are still necessary. As a base of such integrated
solution method, we study the effects of search methods on the problems that are approximated using regional

division.
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